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ABSTRACT: The prevalence of large language models (LLMs) such as ChatGPT has wowed the world with its 
ability to generate text in a human-like manner. While educators evaluate how AI will impact the future of learning, 
we identify mistakes ChatGPT has made. We further extend this concern to nonfinancially sophisticated users 
seeking to improve their financial literacy who may not possess the financial acumen to determine when the AI is 
hallucinating. Using a longitudinal study, our analysis frames the prompts and subsequent findings within the four 
stages of the Dunning-Kruger effect to explore how users of varying expertise receive output from the LLMs. We find 
that ChatGPT cannot always fully distinguish between three different user groups. Our findings have important 
implications for accountants, educators, and students using LLMs as a tool in work and education and for the general 
population looking to bypass financial experts for their personal finance needs.
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I. INTRODUCTION

Since its release to the public on November 30, 2022, there has been considerable hype around ChatGPT. These 
models have proven to be capable of emulating human-like text, with its feats and defeats shared widely across 
news outlets as well as social media. ChatGPT has “gone” to law school (Choi, Hickman, Monahan, and 

Schwarcz 2023a; Bommarito 2022), become theoretically certified and advanced sommeliers, participated in Leetcode 
challenges at all levels, and taken the Graduate Record Exam, passing with flying colors (OpenAI 2023a). Companies 
such as TikTok, Microsoft, Shopify, and SalesForce have already implemented ChatGPT and are using it as part of 
their daily operations (Leswing 2023; Tellez 2023).

Certain aspects of accounting, such as bookkeeping, have been automated for years, with software that becomes 
more capable over time. Due to the repetitiveness of the job, and perhaps a professional image issue, it has been widely 
speculated for decades that accountants will lose their jobs to machines. So, is artificial intelligence (AI) ready to take 
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on accounting jobs? To do this, the first hurdle for ChatGPT is to get an education like the rest of us. In its short life, 
ChatGPT has written many tests that are designed to be barriers to entry in terms of intelligence and knowledge. Its 
recent and unexpected successes are pushing test makers in various disciplines to consider redesigning the tests to main-
tain the ability to assess the quality of the test-takers. Similarly, the education domain, especially post-secondary educa-
tion, is confronted with the challenge of how to adapt to the existence of this technology.

ChatGPT is a conversational agent or service based on models created by OpenAI and uses several large language 
models (LLMs)—GPT-3.5, GPT-4, and GPT-4 Omni (better known as GPT-4o). These LLMs are based on deep learn-
ing neural networks using the newest models known as “Transformers.” To be clear, ChatGPT is the application that 
users interact with, and GPT-3.5, GPT-4, and GPT-4o are the LLMs that power ChatGPT and execute the critical 
operations that understand and generate the language.

To extend Yue, D. Au, C. Au, and Iu (2023) findings that using ChatGPT can make financial concepts more widely 
accessible across a larger audience, our overarching research objective is to determine whether ChatGPT could be used 
for accounting and financial literacy—both inside and outside of the classroom. To answer our objective, we present a 
longitudinal assessment of ChatGPT over the evolution of its life to January 2025. Our work, therefore, presents longi-
tudinal evidence of its growth under evolving LLMs, specifically GPT-3.5, GPT-4, and GPT-4o. Accordingly, we 
instructed the ChatGPT LLMs (GPT-3.5, GPT-4, and GPT-4o1 ) with 75 prompts composed of terms from accounting 
and finance for various end-users, ranging from no audience specified to financially sophisticated. We find that, on aver-
age, ChatGPT does not tailor its explanations well for its audiences, even when prompted to do so. We also show that 
ChatGPT has some problematic explanations that could cause users who are unfamiliar with accounting and finance to 
take them at “face value,” leading to incorrect understanding. This affects student learning, and financial illiteracy has 
also been shown to negatively affect retirement, stemming from an inadequate understanding of basic financial con-
cepts (Xue, Gepp, O’Neill, Stern, and Vanstone 2019; Bucher-Koenen and Lusardi 2011; Lusardi and Mitchell 2014; 
Earl, Gerrans, Asher, and Woodside 2015). We also note that ChatGPT can be confidently incorrect, leading to confu-
sion and harm (Rudolph, S. Tan, and S. Tan 2023; Frieder et al. 2023). Overall, we find that ChatGPT answers have 
high potential to mislead or miseducate learners, particularly in situations where professional judgment is required.

The literature on ChatGPT is quickly developing much like the technology itself, but to the best of our knowledge, 
there is a void when it comes to the benchmarking of its abilities or a comprehensive understanding of who its users are 
at the domain level. This research fills this gap by creating a foundational benchmark for LLMs being used to teach 
and enhance financial literacy by evaluating responses to prompts on fundamental accounting and finance concepts. 
We also make several contributions to the literature, particularly in the areas of financial literacy and education. First, 
we demonstrate through a prompt-and-answer model that ChatGPT cannot be fully relied on to explain and interpret 
accounting and finance terms or scenarios correctly across a compendium of potential users. As this technology is so 
new (less than 1 year at the time of this research), we are the first to evaluate GPT’s abilities and reliability for “instruc-
tional” use (whether as a student, teacher, or lay-user) for the accounting and finance domain.

Second, we evaluate readability of the ChatGPT-generated answers using the Flesch Reading Ease Score (FRE). 
Readability has long been of great concern in the domain of accounting and finance, given the complex nature of the 
terminology and subject matter. Our analysis shows the evolution of readability over the three LLMs and find that the 
largest improvement was made for the financially unsophisticated and nonfinancial user group. The general audience 
users also saw some improvements, whereas the no audience specified and the financially sophisticated and financial user 
groups saw only marginal improvements.

Finally, we contribute the transcripts from the completed responses.2  We believe this is important because large 
language models will continue to advance and mature, so it is critical to be able to benchmark to find gaps in the train-
ing of these models. Further, as ChatGPT generates different answers each time it is queried, this affects the ability of 
the academy to reproduce our exact findings. Over time, the GPT models have been updated and upgraded several 
times,3  making research hard to compare without transcripts gathered at the time. As such, transcripts are necessary to 
both support this research and provide future research “point in time” response benchmarks. Given that there is a great 
desire and motivation to automate tasks, a rigorous evaluation of the technology should first be undertaken. Our 
research demonstrates, contrary to popular belief, that ChatGPT has some serious limitations that impede learning 

1 At the time of the initial research using GPT-3.5 and GPT-4, GPT-3.5 was a free service to the public, whereas GPT-4 was a paid subscription 
known as ChatGPT Plus. At the time of the conclusion of this longitudinal assessment, GPT-3.5 was deprecated and retired as of January 2, 2025. 
The only available models at this time were GPT-4 (now considered a “legacy model”) and GPT-4 Omni (better known as GPT-4o).

2 Data will be made available upon request.
3 Upgrading and updating LLMs can cause model drift if there is an unexpected behavior shift or concept drift where the LLM fails to adapt to new 

information and trends. GPT-4o flagged that if an LLM is not trained on new data as tax laws change, for example, then it could easily be recom-
mending outdated tax laws, as it will not automatically know that the laws have been updated or changed.
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and could cause significant problems for people attempting to bypass traditional financial guidance by turning to 
ChatGPT for financial guidance—a phenomenon that is already occurring (Bank of Montreal 2023; DeVon 2023; 
Adejo 2023; Millan 2024).

This paper is organized as follows: Section II examines the related work and provides a brief introduction to the 
LLMs GPT-3.5, GPT-4, and GPT-4o. Section III details our methodology. Section IV discusses our results. Section V 
concludes and presents some ideas for future work.

II. RELATED WORK AND BACKGROUND ON CHATGPT

Related Work

At the time of this research, there are few papers that address ChatGPT in the domain of accounting and finance; only 
a few of these papers address how ChatGPT can be used for financial literacy. Yue et al. (2023) tested ChatGPT’s capabili-
ties to explain complex financial models to “non-financial professionals,” although this user was not defined. Ullah, Ismail, 
Khan, and Zeb (2024) found that financial literacy influences whether users will use ChatGPT to help make effective 
investment decisions or not; those with higher financial literacy can better understand and apply ChatGPT’s insights and 
analysis, helping them to make better, more informed decisions. Wood et al. (2023) looked at how ChatGPT fared in 
answering accounting questions and concluded that it did better than the student average for 15.8 percent of assessments. 
Alshurafat (2023) examined the utility of ChatGPT to the accounting profession and provided an overview of how it could 
be used by accounting professionals. Although Alshurafat finds that ChatGPT can provide valuable assistance in data 
analysis and automation of routine tasks, the author also raised significant concerns. The first is regarding the accuracy 
and consistency of responses and the second was ChatGPT’s position above regulatory and standard changes in the 
accounting domain. In other words, OpenAI’s development team is in full control to further train or fine-tune its models 
with no regulatory oversight.

Street and Wilck (2023) studied how ChatGPT-3.5 and other large language models could be used in the field of 
forensic accounting. Similar to our research, they use a “prompt-and-answer” model to conduct their research by pro-
viding it with accounting tasks. Street and Wilck (2023) used question scenarios to have ChatGPT generate journal 
entries and financial statements and found that ChatGPT made many mistakes and exhibited strange behaviors. These 
include learning assumptions and using it as “ground truth” (i.e., treating the learned assumptions as fact) as well as 
plugging numbers rather than calculating them. The authors conclude that ChatGPT does not currently have sufficient 
expertise in the domain of accounting and lacks consistency in explaining its rationale for its answers (i.e., the “why” 
for what it has done).

Given its abilities to generate human-like text, ChatGPT was adopted early into education for two distinct rea-
sons: to see how it could be used in the classroom to enhance learning and to see how it could undermine the veracity 
of assignments and examinations. One of education’s chief concerns is that students will outsource written assign-
ments to ChatGPT rather than do the work themselves (Rudolph et al. 2023).4  Qadir (2023) argues that technology 
often disrupts education and uses Massive Open Online Courses as an example. He furthers that by also addressing 
other effects of AI like job displacement (particularly for low-skilled workers), reminding us that education is at the 
forefront of guiding the technological transition. Nobel laureate Daniel Kahneman stated, “The questions we ask 
shape the answers we get. Asking the right questions is the first step in finding the right answers.” Although 
Kahneman, whose Nobel was in economics, said this before the arrival of LLMs, his wisdom is extremely applicable 
to the use of AI. Even OpenAI warns users that the model makes errors and provides incorrect answers (OpenAI 
2023a, 2023b) and fabricates citations (McGowan et al. 2023). Such errors have also been referred to as hallucinations 
(Choi, Fang, Wang, and Song 2023b) and have been classified as imitative falsehoods and factual errors (Cheng et al. 
2023). Unfortunately, because ChatGPT and other LLMs produce a single answer to a prompt versus a traditional 
search engine (e.g., Google), which provides several ranked answers, users do not have a way to evaluate the relative 
strength of the answer.

As such, teachers will have to learn how to best use the technology and students will also have to learn critical rea-
soning skills to discern when to ask the AI for more information and when to seek knowledge from traditional and reli-
able sources. Because ChatGPT lacks thoughtful reasoning like humans, the fact that ChatGPT can pass the U.S. 

4 Generated text detection (i.e., not written by a human) software exists, such as Hugging Face’s OpenAI detector or GPTZero. These types of soft-
ware, which Rudolph et al. (2023) explain estimates the probability that the text was not written by a human (Tate, Doroudi, Ritchie, and Xu 
2023; Sandlin 2022; Mills 2023; McMurtrie 2023; Montclair State University 2023; Yousif 2023). We note that AI detectors do not currently exist 
for commonly distributed works (such as the American Constitution) or for non-neurotypical writers.
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Medical Licensing Exam is more a testament to the format of the exam, which rests more on memorization than 
whether a practitioner can apply their knowledge to nonstandardized situations (Mbakwe, Lourentzou, Celi, 
Mechanic, and Dagan 2023).

Brief Introduction to ChatGPT, GPT-3.5, GPT-4, and GPT-4o

ChatGPT is a conversational agent or service based on models created by OpenAI and uses several LLMs—GPT- 
3.5, GPT-4, and GPT-4 Omni (better known as GPT-4o). These LLMs are “deep learning algorithm[s] that can recog-
nize, summarize, translate, predict, and generate text and other content based on knowledge gained from massive data-
sets” (Lee 2023) and use deep learning neural networks using the newest models known as “Transformers.” ChatGPT 
is a chatbot service, whereas GPT-3.5,5  GPT-4,6  and GPT-4o7  are LLMs that drive the service. GPT-3.5 has been fine- 
tuned8  and trained on a number of datasets (Brown et al. 2020; Chen et al. 2021; Neelakantan et al. 2022; OpenAI n.d.b; 
Ouyang et al. 2022; Stiennon et al. 2020), including the massive open dataset called the Common Crawl, which is a scraping 
of the internet over 12 years (commoncrawl.org n.d.), using over 175 billion parameters for training using “Azure AI super-
computing infrastructure” (OpenAI n.d.b). Although OpenAI does not give many details on what specifically was used for 
training GPT-4 or GPT-4o, it does indicate that publicly available datasets were used, including “internet data,” which we 
can infer to be the Common Crawl (OpenAI 2023a, n.d.a).

To fine-tune the models, reinforcement learning—a type of learning based on reward (Sutton and Barto 2018; 
Kaelbling, Littman, and Moore 1996)—is used. OpenAI also incorporates human feedback into its reinforcement 
learning process to guide the model’s behavior (OpenAI 2023a). Also, OpenAI has not released the specific number of 
parameters used in training GPT-4. There has been some speculation that GPT-4 uses 1.8 trillion parameters 
(E2Analyst 2023). Whatever the true number is, it is reasonable to expect it exceeds GPT-3.5’s 175 billion.

Before its deprecation and retirement, with a free account, a user could interact with ChatGPT that uses the fine-tuned 
version of GPT-3.5 as its LLM. Before the release of GPT-4o, access to GPT-4 was through a paid subscription only. As of 
January 2025, users (without the need of an account) can use the core functionalities of GPT-4o only. A paid subscription pro-
vides access to the full array of GPT-4o as well as access to the GPT-4 legacy model. As we are evaluating the language models 
in this research, we will be referring to the language model itself (GPT-3.5, GPT-4, and GPT-4o) rather than ChatGPT (unless 
we are specifically referring to the chatbot platform). Please see Appendix A for more on ChatGPT and LLMs.

III. METHODOLOGY

User Definitions

To communicate effectively, accountants first need to determine the level of financial understanding the audience 
has based on either interacting with or making reasonable assumptions about the audience. For example, an account-
ing instructor teaching a fourth-year advanced accounting class could reasonably expect that students in the class have 
a solid foundational understanding of accounting. On the other hand, a tax accountant completing a new client’s taxes 
could reasonably assume that the client is not overly familiar with tax concepts and may need extra explanations and 
guidance. When doubt exists, the typical approach is to make communication understandable to a general audience.

There is no universal definition of the different types of financial and nonfinancial users. The Cambridge 
Dictionary defines the term user as “someone who uses a product, machine, or service” (Cambridge University Press 
n.d.). Even when applied to a financial situation, it is a very wide definition, encompassing anyone who interacts with 
financial information. The Handbook of International Education Pronouncements simply refers to “users” and does not 
elaborate on what defines users (The International Federation of Accountants 2019). A review of the publicly available 
case studies published by the Chartered Professional Accountants of Canada (CPA) also does not define users. In fact, 
CPA candidates writing responses to cases are expected to identify the users and infer, from the case facts, the level of 
financial understanding to tailor their responses appropriately (Marchiel 2019; Taylor, Laguduva, and Bury 2023). For 
example, if the user in a case is determined to be the audit partner, a CPA candidate will not have to explain Generally 
Accepted Accounting Principles (GAAP). But if the user is a client who does not currently use any accounting frame-
work, the candidate is then expected to provide a brief explanation of GAAP so the client understands the importance 
of using an accounting framework and how that will impact their accounting.

5 GPT-3.5 was released November 2022.
6 GPT-4 was released March 2023.
7 GPT-4o was released May 13, 2024.
8 Fine-tuning involves further refinement in the training through exposing the model to more examples of desired outcome data.
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Further investigation in the area reveals that there is some identification of who financial users could be, but no for-
mal parameterized definition. Section 407 of the Sarbanes-Oxley Act addresses who can be identified as an “audit com-
mittee financial expert” (SEC 2003; U. Hoitash, R. Hoitash, and Bedard 2009). Originally, only those with “accounting 
experience” could serve in this role. However, in the final ruling, the U.S. SEC determined that “people actively 
engaged in industries such as investment banking and venture capital investment…[and] professional financial ana-
lysts” could also be designated as financial experts, given their experience with financial statements. The SEC also 
determined that a “sophisticated investor” is an individual with “sufficient knowledge and experience in financial and 
business matters to make them capable of evaluating the merits and risks of the prospective investment” (SEC 2003). 
The Statements of Financial Accounting Concepts also points to general purpose users as those with “existing and 
potential investors, lenders, and other creditors in making decisions about providing resources to the entity. Those deci-
sions involve buying, selling, or holding equity and debt instruments and providing or settling loans and other forms of 
credit” (FASB 2021). Hoitash et al. (2009) examined different types of experts: accounting financial experts, supervi-
sory financial experts, and user financial experts. They define this last category as “individuals with experience perform-
ing extensive financial statement analysis or evaluation (e.g., financial analysts, investment bankers),” in the context of 
expertise for service on the audit committee.

The Dunning-Kruger model9  describes the bias where unskilled individuals overestimate their abilities due to a lack 
of self-awareness about their incompetence (Kruger and Dunning 1999). Interestingly, it is those users who have some 
wisdom that are of the highest groups with the most confidence, as seen in Figure 1. ChatGPT can exhibit the same lack 
of (self-)awareness about its own incompetence and where the “line” is between analysis and professional advice.

Therefore, to investigate ChatGPT’s ability to address the needs of a broad range of users and to evaluate how 
well ChatGPT “understands” different user needs, we have selected six different users:

• Financially unsophisticated user—a user who lacks basic knowledge of accounting and finance.
• Nonfinancial user—a user who has a basic knowledge of accounting and finance.
• Financial user—a user who has a good grasp of accounting and finance through training, experience, or a 

combination of the two.
• Financially sophisticated user—a user who is an accounting and financial professional, which is achieved 

through extensive training and a designation, or who has extensive experience in a corporate position involv-
ing financial leadership.

FIGURE 1 

Illustration of the Dunning-Kruger Effect 

The cognitive bias demonstrated by those with limited knowledge of a subject overestimate their abilities in that area (Dunning 2011). 
(The full-color version is available online.)  

9 Although there is some debate in the intelligence literature about whether the Dunning-Kruger effect exists or is a statistical artifact (e.g., Gignac 
and Zajenkowski 2020; Dunkel, Nedelec, and van der Linden 2023), this paper uses the Dunning-Kruger effect for theoretical development because 
using this model can help readers conceptualize the development of accuracy of the GPTs overtime given a specific audience orientation.
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• No audience orientation identified—this type of user is when ChatGPT is not provided any information on the 
user(s). In this type of situation, humans would tailor their communications to be more broad, more general, 
and typically high level, understanding that if more information was revealed on the knowledge and under-
standing of the user(s) in the course of communicating with the user(s), the communication approach would 
change as new information became available or was revealed.

• General audience—a collective group of users where there is a wide range of knowledge and experience with 
accounting and finance, ranging from a financially unsophisticated user to a financially sophisticated user.

Using these user definitions, we separate users into three main groups as follows:

Group “User” as Defined Above Dunning-Kruger Categorization

Baseline group—no 
audience 
orientation and a 
general audience

No audience orientation identified—this type of user is 
when ChatGPT is not provided any information on 
the user(s). In this type of situation, humans would 
tailor their communications to be more broad, more 
general, and typically high level, understanding that 
if more information was revealed on the knowledge 
and understanding of the user(s) in the course of 
communicating with the user(s), the communication 
approach would change as new information became 
available or was revealed.

This lack of user orientation was used specifically 
to gain insights into ChatGPT’s baseline when 
not given direction as to the user. Accordingly, 
there is no matching Dunning-Kruger 
categorization for this user group.

General audience—a collective group of users where 
there is a wide range of knowledge and experience 
with accounting and finance, ranging from a 
financially unsophisticated user to a financially 
sophisticated user.

The General audience has a wide range of 
potential user groups, which, in a similar 
sentiment, mirrors our intent not to have one 
particular Dunning-Kruger categorization for 
this group. Rather, this user group would 
apply effectively to all (except the “know- 
nothing”) user group.

Group 1—financially 
unsophisticated 
and nonfinancial 
users

Financially unsophisticated user—a user who lacks basic 
knowledge of accounting and finance.

The “Know-Nothing” group, as they lack the basic 
knowledge of accounting and finance. This 
person would not have a basis to ask follow-up 
questions if presented with incorrect or 
potentially misleading responses.

Nonfinancial user—a user who has a basic knowledge of 
accounting and finance.

The “Peak of ‘Mount Stupid’” group, as this type 
of user understands the basics but does not yet 
have the wisdom to know what they do not 
know. This group is unlikely to ask follow-up 
questions as they do not yet possess the critical 
or professional judgment to assess accurate 
from inaccurate responses.

Group 2—financially 
sophisticated and 
financial users

Financial user—a user who has a good grasp of 
accounting and finance through training, experience, 
or a combination of the two.

The “Valley of Despair” group, as the financial 
user group has some training and/or 
experience and is aware that there are many 
things they do not know and will often bring a 
critical lens to the matter they are examining. 
Given their level of wisdom and lack of 
confidence, these users are likely to ask follow- 
up questions or request clarity should the 
response be misaligned with their training or 
experience.

Financially sophisticated user—a user who is an 
accounting and financial professional, which is 
achieved through extensive training and a 
designation, or who has extensive experience in a 
corporate position involving financial leadership.

Those in the “Slope of Enlightenment” group are 
financially trained individuals who have gained 
wisdom through their training. These 
individuals know what they know—and what 
they do not yet know—and are able to ask 
follow-up questions when responses received 
from ChatGPT are not accurate.
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The rationale behind these groupings is that we would expect that responses to the various prompts would be simi-
lar between the members of each group and dissimilar compared with other groups. Consistent with the Dunning- 
Kruger effect (Dunning 2011), users of ChatGPT do not know what they do not know. Thus, insights into the various 
user categories help to provide awareness as to just how helpful (i.e., accurate) the various versions of ChatGPT are. 
Despite the ability for a user to ask clarifying questions, as outlined above and seen in Figure 1, many users would 
“know what they do not know,” and, although some seek clarity, others may not.

Chatbot Prompt Development and Dataset

Prompts

ChatGPT was prompted to explain basic financial reporting and finance questions. As any of ChatGPT’s LLMs 
can learn from a user’s previous conversations, separate and distinct chat windows were used when prompting to 
ensure there was no “lookback contamination” of the results.10 

Our prompts were influenced by anticipating how nonfinancial and financially unsophisticated users would gener-
ate their questions. This is because those users would not know how to ask a financially appropriate question as they 
are seeking knowledge they are likely unfamiliar with. Although a financially sophisticated user may be able to ask 
ChatGPT a range of prompts and use a range of specificity with their prompts, our financially unsophisticated and 
nonfinancial users likely cannot. As such, to ensure comparability between the prompts, we carefully wrote our 
prompts to reflect the most modest level of financial sophistication and then “scaled up” by advising the LLM as to the 
level of financial sophistication of the users, where appropriate. As well, Zamfirescu-Pereira, Wong, Hartmann, and 
Yang (2023) point out that although designing a useful prompt may seem like a very straightforward task, there are 
many barriers that create challenges for non-AI experts in designing an effective prompt.

We focused our inquiry on five key accounting and finance concepts: Net Income, Net Revenue, Assets, Liabilities, 
and Investments. These key terms were selected because they are deemed fundamental terms that one would come 
across in financial statements, financial communications, and financial education. Each prompt uses a standard format: 
“Explain <insert term here> to a <insert user here>.” This format was consistently used for the GPTs to ensure the 
veracity as well as the comparability of the data. These types of prompts use a “zero-shot” approach—a very basic type 
of question that is not (or is unlikely) to be in the training data, and the user provides no additional context in the 
prompt to enrich the generated text. This means that the LLM must rely solely on its training to generate an appropri-
ate response (Syed and Gadesha 2025).

Dataset

Responses generated by ChatGPT were saved in individual plain text files using UTF-8 encoding. To ensure the 
consistency of the text’s presentation to the algorithms, spaces between paragraphs were removed so that all the text is 
saved in one large paragraph. Numbered lists were kept (with spaces removed between numbered items). Bullet point 
lists were also kept in the same fashion as the numbered lists, but bullets were removed. Unlike numbered lists, bullet 
points did not have ending punctuation. Therefore, to ensure that the sentences were grammatically correct, periods 
were added at the end of every bullet point list item. This also served to delineate bullet points. The text itself, however, 
was not altered in any way.11 

One of the distinctive features of our study is that it is archival in nature, as we have collected data from ChatGPT 
over time using three different LLMs (GPT-3.5, GPT-4, and GPT-4o). That also means that if we, as users, experienced 
difficulties with the models or the ChatGPT platform, those challenges are preserved in our dataset and subsequently 
in our results. Data collection was relatively straight forward for both GPT-3.5 and GPT-4o. At the time of the data 
collection for GPT-4, however, we encountered significant challenges as user demand was very high. Due to this, 
OpenAI limited the number of messages to 25 every three hours. Although this limit did not pose a problem for our 
work, it did mean that GPT-4 returned incomplete answers. In some cases, we were able to coax GPT-4 to finish the 
answer by providing feedback that the response was unhelpful as it was unfinished. In most cases, GPT-4 would gener-
ate another incomplete response. Markovski (2023) recommended specifying the desired length in the prompt (e.g., “A 

10 In this research, we use the word “conversation” to mean different lines of inquiry. As such, these “conversations” can occur within the same chat 
(context) window on ChatGPT, meaning that one does not have to formally close the chat window and open a new one for it to constitute a new 
conversation. The extent to which GPT “remembers,” even though we have changed to different topics of inquiry, will be dictated by the context 
window (approximately 3,000 words for GPT-3.5 and approximately 6,000 words for GPT-4) as well as the timeout feature, which signals to GPT 
that the conversation has “concluded.” No information has been provided by OpenAI as to what amount of time they have programmed in, 
meaning that it could range from minutes to hours to days.

11 Transcripts of all prompts and data are available upon request.
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list of ten science fiction books”). Although this can work well for a list setting, it does not work well for explaining 
financial terms; if a maximum length is specified, although GPT-4 might provide a complete textual response, it could 
still return an incomplete explanation, having left out pertinent information to meet the length requirements. As well, 
GPT-4 was limited to 8,000 tokens (pieces of words)12  (OpenAI 2023d, 2023c), which equates to �32,000 characters13  

in total14  between prompt and response. It is important to also note that characters include alphanumeric characters 
(letters and numbers) as well as spaces between words and punctuation. Therefore, to specify the maximum length, a 
user would need to determine the length of the prompt and then subtract that amount from the overall 32,000-character 
length, which is impractical. As such, we did not specify a response length in our research. Under the initial release of 
GPT-4o, the output length was limited to 4,000 tokens. But now, the output length is capped at 16,384 tokens per 
response, which equates to �65,536 characters in total (OpenAI n.d.c).

Tests and Hypotheses

Cosine Similarity

We use Cosine Similarity15 —a commonly used metric in information retrieval—to measure the similarity of the 
text.16  This metric uses the frequency of words to calculate the similarity of the text (Cort�es 2022; Singhal 2001). The 
text of each GPT answer is first tokenized using the word tokenizer in the Natural Language ToolKit (Loper and Bird 
2002) in Python and saved in list format. Each list is then added to a different set. The sets are vectorized and the cosine 
similarity is then calculated. This formula is given in Equation (1). Cosine similarity is not sensitive to the text length, 
meaning that this measure of similarity is very useful in the context of our research because we are not specifying 
response text length up front (Huang 2008; Wang and Dong 2020). 

Cosine x, yð Þ ¼
x � y

kxk � kyk
(1) 

where x and y are two vectors representing two texts, which we want to compare.
For example, x could be GPT-3.5’s definition of Net Income for a financially unsophisticated user, and y could be 

its definition for a nonfinancial user.
We evaluate the similarity (or dissimilarity) of the text for (and between) each group using the similarity threshold 

of 0.8; following the work of Qurashi, Holmes, and Johnson (2020) and Singh, S. Devi, H. Devi, and Mahanta (2022), 
we apply an a of 0.8, where 0 � a � 1.17  We compare Group 1 (financially unsophisticated, nonfinancial user) and 
Group 2 (financially sophisticated, financial user) against the Baseline Group (no audience, general audience). Given 
ChatGPT’s training and track record (discussed earlier) under any of the LLMs included in this study, we would expect 
that all of the LLMs would meet or exceed the similarity score, as the LLMs increase in sophistication over time. 
Therefore, we make the following hypotheses:

H1 (null): Similarity Score < 0.8

H2 (alternative): Similarity Score � 0.8

Flesch Reading Ease Score

The FRE was also used to evaluate the readability of the text for the different users. Using the spaCy Readability 
library in Python (Holtzscher 2018), we calculated the FRE for each answer provided by ChatGPT. The FRE has been 
a standard measure to evaluate readability for decades and has been used frequently in research in the accounting 
domain (e.g., Stone and Parker 2013; Parker 2005; Clatworthy and Jones 2001). Most end-users who will be using 
documents and terminology from the accounting and finance domain will be adults, and to be consistent with previous 
research, we opted to use the FRE measure. 

12 1 token ¼ �4 characters in English (OpenAI 2023a).
13 It is important to note that characters include white spaces.
14 8,000 tokens � 4 characters for each token ¼ 32,000.
15 We also used Jaccard similarity and the results are similar. These results are also available upon request.
16 Euclidean distance was not used because this measure is very sensitive to text length and should only be used when the length of both vector repre-

sentations of the text are equal. As the GPT answers vary in length between queries, Euclidean distance is unsuitable (Huang 2008).
17 Cosine similarity scores range from 0 to 1 for text as they are computed on non-negative word embeddings. As a result, values closer to 1 are con-

sidered more similar than values closer to 0 (Gerth 2021). Although there is no standard similarity threshold to be used as a basis of comparison 
in computer science, we believe that an a of 0.8 is fitting and is in line with previous work (Qurashi et al. 2020; Singh et al. 2022; Taylor and Keselj 
2023). A score of 0.8 would be considered quite high, indicating a high degree of similarity, whereas 0.5 would not demonstrate good similarity.
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FRE ¼ 206:835 � 1:1015
Total Words

Total Sentences

� �

� 84:6
Total Syllables
Total Words

� �

(2) 

The scale for the FRE is from 100 to 0, where 100 represents the easiest and 0 represents the hardest text to read. 
As the score drops from 100, the text gets harder to read. Within that range, however, there are benchmarks. Scores 
above 60 are considered easier to read, and as the score (up to 100) increases, the ease of reading increases, meaning 
that the texts become even easier to read. Texts below 60 are considered hard to read, and the more the score drops 
from 60, the harder the text is. A text that scores 7, for example, would be considered extremely difficult to read. 
Typically, financial text is difficult to understand. Therefore, we are interested in these major thresholds (adapted from 
Moraine Park Technical College 2021):

Following Taylor and Keselj (2023), we use an expanded interpretation of the general education level because a 
university degree does not dictate success in the financial domain. Taylor and Keselj (2023) pointed to “Bill Gates, 
Mark Zuckerberg, Steve Jobs, and Richard Branson” (Woods 2020) as extremely successful and commonly understood 
to be financially savvy but who do not have university degrees. As such, “university level” is also equated with “early 
business professional,” and “graduate level” is equated with “seasoned business professional.” Given ChatGPT’s dem-
onstrated abilities to improve text readability (e.g., Young and Shishido 2023) and accessibility for a wide range of 
audiences (Yue et al. 2023; Uricchio, Ceccacci, D’Angelo, Del Bianco, and Giaconi 2024), we expect that the readabil-
ity scores of the generated text will be above the threshold of 60, putting them into the “easy to read” category. 
Therefore, our hypotheses are:

H3 (null): Readability Score < 60

H4 (alternative): Readability Score � 60

IV. RESULTS AND DISCUSSION

The heat map in Figure 2 presents our cosine similarity results for the five financial concepts across the three differ-
ent LLMs. Higher values are shown in green, and lower values are shown in red. The stronger the color gradient, the 
higher (or lower) the value. In reviewing the results, the necessity of specifying the audience to which it is speaking 
becomes very clear. When we specify that the audience is a “general” audience, ChatGPT tailors its responses more 
closely to that of an unsophisticated user. When we do not specify an audience, its responses align more closely with 
that of a financial expert—even when no information was given to suggest that the audience was financially sophisti-
cated. In this regard, ChatGPT is more “comfortable” communicating as a financial “expert” when no audience is 
specified, as its responses are more similar to that for a financial user or someone who is financially sophisticated than 
a nonfinancial or financially unsophisticated user (see Figure 2). This evidence supports the claim by Wei, Wu, and 
Chu (2023), which indicates that ChatGPT “imitate[s] financial auditors with longer tenures.”

We also note that only two generated texts for Net Revenue met the similarity threshold of 0.8, one using GPT-3.5 
and one using GPT-4. For ease, the results are in bold font in the darkest green. The rest of the scores are shaded in 
green and red gradients to provide visual guidance on how those scores relate to the 0.8 threshold.

Group 1 is financially unsophisticated and nonfinancial users. Therefore, we would expect that the scores would be 
higher (and therefore showing more green) as this group is closer in alignment with the baseline group. We would also 
expect that the scores for Group 2 (financially sophisticated and financial user) would be lower (and therefore showing 
more red) as this group is more dissimilar than the baseline group. But we do not find this. In fact, the scores are higher 
(and more green) when the Baseline group is compared with financially sophisticated/financial users in Group 2. Our 
results indicate that none of the LLMs have a good understanding of the different users and cannot generate text for 
the different financial orientation of users well. Therefore, for most of the scores, we fail to reject the null hypothesis 

Score Reading Ease General Education or Experience Level Built into the Text
Below 60 Fairly difficult High school
Below 50 Difficult University
Below 30 Very difficult University graduate/early business professional
Below 10 Extremely difficult University graduate, domain professional/seasoned business professional
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and can only accept the alternative hypothesis that the cosine similarity scores will be greater or equal to 0.8 for two 
texts for Net Revenue, one under GPT-3.5 and one under GPT-4.

In reviewing the transcripts, we observed that all the LLMs explain net income in terms of cash left over (or “in 
your pocket”). For both the financially unsophisticated user and the nonfinancial user, the LLMs explains Net Income 
in terms of money that a person or business earns after all the expenses have been paid. Although colloquially, this 
may seem like a reasonable explanation, most basic accounting textbooks will cover net income in the first chapter as a 
fundamental building block and refer to revenues, expenses, and earnings, not cash. For example, “An excess of total 
revenues over total expenses is called net income” (Horngren, Harrison, Bamber, Lemon, and Norwood 2005). 
Additionally, textbooks are very clear that revenues are very different than cash: “the amount of net earnings normally 
does not equal the net cash generated” (R. Libby, P. Libby, Hodge, Kanaan, and Sterling 2020).

When using the “chain-of-thought” method used by Choi et al. (2023b), we asked each LLM to walk through the 
difference of money versus earnings. First, we asked the LLMs to explain money. This established a firm understanding 
of the concept of money for the LLM; we trust users are already very familiar with this concept themselves. Then, we 
followed this by asking for an explanation of if we use the formula “revenues – expenses,” will that tell us how much 
money we have. Here is where the various LLM responses started to fall apart—as we expected—as the LLMs’ answers 
began to change from money to profit: “Subtracting expenses from revenues gives you net income (or profit), but that 
doesn’t directly reflect how much cash or money you have on hand.”18  So, we followed up on this question, asking for 
confirmation. We quoted the answer the LLM had given in its explanation for Net Income (which used the cash anal-
ogy) and then the LLM indicated that in response to the previous question (“revenues – expenses”), it no longer 
asserted that income means the same as cash and was that correct. GPT-3.5 and GPT-4 both apologized for the misun-
derstanding due to wording, and GPT-4o “appreciated [our] attention to detail” and said we were “right to point that 
out.” All LLMs then clarified that profits are not the same as cash and that to know how much cash we had, we would 
have to consult the Statement of Cash Flows or the cash balance on the Balance Sheet.

Although the difference in language may seem subtle or unimportant, we must remember that users do not know 
what they do not know. Although ChatGPT (and other mainstream LLMs) warn that answers could be wrong, it is 
surprising that something so fundamental to accounting and finance as Net Income is still wrong more than two years 
into the use of the platform, across three different LLMs. Also, because ChatGPT gives, essentially, the same answer 
over and over, if users are not going to external sources for clarification or confirmation, the consistent repetition of 
the wrong answer by ChatGPT may lead users to conclude that it is correct, particularly if they did not fully trust the 
LLM’s first answer.

We asked GPT-4o19  to explain what an investment is. Its response pointed to the “process of allocating money, 
time, or resources into an asset, venture, or project with the expectation of generating profit or return in the future” 

FIGURE 2 

Cosine Similarity Results for GPT-3.5, GPT-4, and GPT-4o for Each Group 

INC ¼ incomplete response generated by ChatGPT that could not be analyzed. 
(The full-color version is available online.)  

18 The responses for GPT-3.5, GPT-4, and GPT-4o were all similar for this answer, so we have only included the text from GPT-4 for brevity.
19 Again, the answers were similar for GPT-3.5, GPT-4, and GPT-4o, and we have only included GPT-4o for brevity.
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and gave examples such as stocks, bonds, and real estate, typical of what you would get in an accounting and finance 
education. However, when we asked if a Louis Vuitton bag (LV bag) was an investment and, later, a good investment, 
the responses started to show some cracks, leading us down an interesting “rabbit hole” where it started to contradict 
itself. We used this tactic following the literature in the last few years, which investigate questioning, interrogating, and 
following AI down “rabbit holes” (e.g., Nikghalb and Cheng 2024; Rospigliosi 2023; Davis 2023; A. Dutta, 
Khorramrouz, S. Dutta, and KhudaBukhsh 2024). Over the course of 14 conversations, we discussed if an LV bag is 
an investment. As the conversations progressed, we increasingly used our financial expertise to question and interrogate 
GPT-4o’s conclusions and ultimately its offer of helping to find appropriate LV bags to invest in.

Several conversations focused on whether an LV bag is an investment. GPT-4o indicated that it could be consid-
ered an investment and gave reasons as to why it would be an investment, when it is not a good investment, and the 
best LV bags to invest in and ended the conversations offering to help us find the best bags to invest in. Notice, how-
ever, that the responses did not raise the possibility that an LV bag may not (or is not) an investment but instead made 
a distinction between investment and good investment, pointing to the fact that unlike stocks, for example, an LV bag 
is not a liquid investment and that one cannot cash out quickly without selling at a discount. But, ultimately, its “ver-
dict” was that yes, an LV bag is an investment—either for a future financial return if one chooses a “rare, classic, or 
limited-edition” that is kept in very good condition, or, if not, it is an “investment in quality and luxury” meant for per-
sonal use.

Based on these conversations, we picked up on two important pieces of information that warranted further inquiry: 
“good investment” and “investment in quality and luxury.” When we pressed GPT-4o on whether an LV bag is a good 
investment, it started to change its reasoning and conclusion:

• “Most fashion items depreciate over time” and it “does not generate income like rent or dividends”
• “It’s a luxury purchase, not a traditional investment”
• “Not an investment in traditional sense”

We also inquired if an LV bag would be a good investment for someone who is not financially sophisticated. Its 
answers to this question were most forcefully against it being a good investment pointing out that:

• “It’s a luxury purchase, not a traditional investment”
• “Resale is uncertain and requires market knowledge”
• “Risk of losing money”
• “Price increases benefit the company, not necessarily you”

ultimately concluding that “A Louis Vuitton bag is a luxury item first, and an investment second.”
Again, following GPT-4o’s reasoning that it was primarily a luxury item, we then asked if the LV bag was consump-

tion or an investment. GPT-4o agreed that it was primarily consumption and concluded with “Final Verdict: mostly 
consumption, rarely investment.” GPT-4o’s answers started off strongly in support of an LV bag being an investment 
and ended with an LV bag rarely being an investment, essentially going from one extreme to another in its answers.

This prompted us to inquire what GPT-4o would say if we followed its initial investment advice and bought an LV 
bag. Its response was concerning: “If you had taken my initial advice at face value and bought a classic, well- 
maintained Louis Vuitton bag as an investment, I’d clarify:...” Not only is GPT-4o raising the question of taking its 
investment advice at face value (using those particular words as its own terminology), meaning that we had followed its 
advice, it then needed to make some clarifications—clarifications that it did not raise earlier like “managing expecta-
tions.” GPT-4o also raised its own question of “Was my initial verdict misleading,” saying that its response should 
have been more precise and that an LV bag is not guaranteed to make money, which was promptly followed up by 
“Would you like me to research current resale values for your specific bag? That way, we can assess the situation and 
find the best way forward!”

Building on earlier conversations, we asked GPT-4o if an LV bag is an asset, and it confirmed that an LV bag is an 
asset but not a traditional investment. But, again, when pressed if consumption is an asset, GPT-4o agreed that “con-
sumption itself is not an asset,” but an LV bag can be both a consumable good and a luxury asset if it is sold later for a 
good price. This conversation was ended with its classic offer of help: “Would you like advice on how to buy a bag that 
leans more toward an asset than a consumption item?” This also shows that GPT-4o does not consider its audience as 
it did agree, in a later conversation, that the “average person does not manage their bags as an asset,” and that really, 
“For the average person, a luxury bag is a consumption good, not an asset,” meaning that for most people, an LV bag 
is not a true investment at all.

The last conversation held with GPT-4o on the LV bag was why it thought it was qualified to give investment 
advice, as it has used the term “investment advice” repeatedly in various conversations. Ultimately, GPT-4o concluded 
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that “Since I analyze trends and offer structured insights, some might mistakenly believe I’m giving formal financial 
advice rather than just an informational analysis.” Yet, the language it has used in the conversations is not about giving 
information or analyzing market trends, it is about making conclusions on whether an LV bag is an investment and 
then offering to give “advice on a specific LV bag model” or “help in choosing an LV bag that holds the best value” or 
“advice on simple, beginner-friendly investments.” Our results demonstrate that, despite the words that ChatGPT uses, 
it is absolutely imperative that users interrogate ChatGPT to understand its true intentions. Despite using the words 
“investment advice” repeatedly, ChatGPT’s intentions were to give market analysis (and not investment advice), which 
it believed it was giving. This also strongly suggests that unsophisticated users must exercise a high degree of caution 
when interacting with ChatGPT, despite the optimistic visions of it being a “tutor” or “financial advisor” (e.g., 
Rampton 2023; Son 2023; Vasarhelyi, Moffitt, Stewart, and Sunderland 2023).

The results for the readability scores seen in Figure 3 show that as the GPT models have become more sophisti-
cated, readability has substantially improved for financially unsophisticated and nonfinancial users, particularly com-
pared with GPT-3.5. All the scores that meet or exceed the threshold of 60 are highlighted in green. Interestingly, the 
models do not appear to have improved the readability of the text for financially sophisticated and financial users. The 
highest score among the three models for these users was 39.3249 for Net Income using GPT-4o, which is still far below 
the threshold of 60. Therefore, in most cases, we fail to reject the null hypothesis, as the scores are less than the thresh-
old of 60. But, in some instances, such as the financially unsophisticated and nonfinancial user scores, we can reject the 
null hypothesis and accept the alternative, as the scores are equal to or greater than 60, meaning that they are consid-
ered easy to read.

The readability challenges that financial communication grapples with are not new and have been well documented 
(e.g., Clatworthy and Jones 2001; Loughran and McDonald 2014; Moffitt and Burns 2009). As the text for the finan-
cially sophisticated and financial user groups require more in-depth knowledge of accounting and finance, it is not sur-
prising that the scores are lower than for the nonfinancial/financially unsophisticated group or for the general audience/ 
no audience group. What is surprising, however, is that with the resources that the LLMs have access to in terms of 

FIGURE 3 

Flesch Reading Ease Score Results for GPT-3.5, GPT-4, and GPT-4o for Each Group 

INC ¼ incomplete response generated by ChatGPT that could not be analyzed. 
(The full-color version is available online.)  
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training documents and reinforcement learning from human feedback (see Appendix A for more information), there 
has only been marginal improvement. It also raises the question of whether an LLM operating in a financial context 
should have to disclose what true level of financial expertise it has to substantiate its ability to explain, teach, guide, rec-
ommend, or advise in these contexts. As we show in this research, ChatGPT appears to only be able to communicate 
well with the “Peak of Mount Stupid” and introduce and reinforce some very concerning ideas. Therefore, it is very 
important that ChatGPT and other LLMs working in a financial space understand the needs and financial sophistica-
tion of its users, particularly if those users do not have enough financial literacy to ask appropriate follow-up questions 
to receive an accurate response.

In a post hoc analysis, we examined the accuracy of the GPTs’ evolving explanations of the financial concepts 
included in this research—Net Income, Net Revenue, Assets, Liabilities, and Investment. To evaluate the accuracy, we 
compared the explanations provided by the GPTs with those found in accounting and finance textbooks. We found 
that the explanations were fairly correct for Assets, Liabilities, and Net Revenue but were continually problematic for 
Net Income and Investment, particularly for the baseline groups (general audience, no audience specified) and Group 1 
(financially unsophisticated, nonfinancial). GPT-3.5’s explanation, discussed above, refers to income as “money,” 
which is not correct. R. Libby, P. Libby, Hodge, Kanaan, and Sterling (2023) specifically state that “[R]evenues are not 
necessarily the same as cash collections from customers, and expenses are not necessarily the same as cash payments to 
suppliers. As a result, the amount of net earnings normally does not equal the net cash generated by operations.” 
Kimmel et al. (2016) also state that “there is quite a difference between net income calculated on a cash basis and net 
income calculated on an accrual basis,” whereas Larson, Nelson, and Zin (1999) specifically indicate that Net Income 
is a result of excess revenues over expenses.20  In reviewing our transcripts, we do not find that any of the GPTs make 
any distinction between accrual accounting and cash-based accounting. These “money-based” explanations persist 
through GPT-4 and GPT-4o. The explanations for Group 2 (financially sophisticated and financial user) under GPT- 
3.5 and GPT-4 still reference money but to a much lesser degree. Instead, the correct terminologies of revenues and 
expenses are largely used, with more in-depth explanation on what constitutes revenues and expenses, earnings before 
interest, taxes, depreciation, and amortization (EBITDA), and earnings per share. The idea of income as “money” 
appears to be rectified by GPT-4o, but only for Group 2, as it continues to persist for the Baseline group and Group 1.

The term “investment” carried a very interesting evolution over the GPTs. In accounting and finance, “invest-
ments” refer to generating income by using assets and resources (Horngren, Datar, Foster, Gowing, and Pfeiffer 2002; 
Brealey et al. 2016). GPT-3.5 provided this explanation for the Baseline group and Group 1 (financially unsophisti-
cated). However, for Group 2 (financially sophisticated), GPT-3.5 significantly broadened that explanation to include 
“investing in education or training,” which can be difficult to quantify—particularly if one’s education and training is 
not directly applicable to one’s job or if it can be applicable to a career in a rapidly changing market where some skills 
learned may be applicable, whereas other skills are less in need or even obsolete. By GPT-4o, however, the roles 
reversed in that the explanations for Group 2 were back to being very traditional in using assets and resources to gener-
ate income through stocks, bonds, and real estate, for example, but the much looser idea of education and training as 
investments was introduced into the explanations for the Baseline group and Group 1.

This “role reversal” ties into a much larger pattern that we observed with the GPTs: over the different models, the 
explanations for Group 2 (financially sophisticated) have remained professional, whereas the explanations for the 
Baseline group and Group 1 (financially unsophisticated) have become more idiomatic and casual, using emojis for bul-
let points—all of which really diminish professionalism. We observed that the language of “[P]lanting a seed and wait-
ing for it to grow” and “[N]ot put[ting] all your eggs in one basket” is only used for a financially unsophisticated user, 
never for a financially sophisticated user. Although the intent may be to make the explanation easier to understand, 
there is concern in the literature that idiomatic language can be confusing to learners (e.g., Cornell 1999; Ta’amneh 
2021) and can create difficulties in neural machine translation (e.g., Baziotis, Mathur, and Hasler 2022)—both of which 
are counterproductive in making explanations more accurate and accessible.

V. CONCLUSION, LIMITATIONS, AND FUTURE WORK

Although these large language models are robust and can perform impressive tasks, our research demonstrates 
that there may be concerns about their applications to the accounting and finance domain; being partly right is not suf-
ficient for those who are looking to acquire or strengthen their financial knowledge. Indeed, we may have a long way to 

20 Other textbooks that provide these types of explanations include Herauf and Hilton (2019) and Kieso, Weygandt, Warfield, Wiecek, and 
McConomy (2019).
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go until the “technology is perfected” (Gates 2023). Net Income is one of the most fundamental concepts in accounting, 
and our conversations with the GPTs identifies concerns in the way that it explains and contextualizes this principle.

We also show that both GPT-3.5 and GPT-4 are incapable, by their own admissions and by demonstration, of 
exercising professional judgment or professional skepticism. Using the example of the present value of the minimum 
lease payment, we demonstrated that GPT-3.5 was not able to correctly interpret the standard and apply it to a situa-
tional question, concluding that 89 percent was significantly below the threshold of 90 percent. Although GPT-4 fared 
better in its answer as it indicated to the user that they should exercise their own professional judgment, the fundamen-
tal purpose of our question was designed to help a learner understand how to use professional judgment in this type of 
scenario, which GPT-4 could not do nor reasonably explain nor provide any real guidance to the user. This demon-
strates that GPT-3.5 or GPT-4 cannot be relied on to explain and contextualize accounting scenarios nor to mark 
assignments/exam questions. Along the same lines, we also note that our findings are in line with those of Eulerich, 
Sanatizadeh, Vakilzadeh, and Wood (2023) who found that neither GPT-3.5 or GPT-4 could pass the exam using zero- 
shot learning (i.e., without explicit training).

Finally, there are several ethical issues that warrant consideration regarding the use of AI in the accounting 
domain. Given the current abilities of LLMs like GPT-3.5, GPT-4, and GPT-4o, the implementation of this technology 
is very attractive, particularly because financial documents such as the Annual Report to shareholders tends to be very 
long, �186 pages on average (Harvey 2017). Having the ability to generate this text using AI seems to be a reasonable 
and efficient solution, thereby freeing up time for accountants to work on other “value-added activities” (Zhao and 
Wang 2024). However, as demonstrated, the current version is unfit for this task as it has made significant errors in the 
explanation of one of accounting’s most fundamental principles—Net Income. Regardless of whether the end-user is 
financially savvy or not, there are significant implications as text from annual reports is often directly quoted in law-
suits (Rogers, Van Buskirk, and Zechman 2011).

Education had some of the earliest adopters of GPT-3.5 either through student use (Tlili et al. 2023) or by instruc-
tors incorporating it into the classroom (Lieberman 2023; Ofgang 2022). Although students and instructors may find 
this a useful (and fun!) resource, it is only a good resource if it provides the correct answer every time (Thorp 2023). If 
AI is not returning the right answer consistently, how do students know? GPTs can serve as a useful tool for someone 
who knows the correct answer and can distinguish it from incorrect answers but not for someone who wishes to learn 
the correct answer. Returning to our example of the inaccurate response with Net Income and investments, for exam-
ple, students new to accounting may take ChatGPT’s answer at face value that net income is first calculated and then 
taxes are applied and that net income is the money you have. Socrates’ “You don’t know what you don’t know” is a 
highly applicable adage in this type of situation. Therefore, due to the persistent misunderstandings in ChatGPT’s defi-
nitions of net income, investments, etc., we call for the development of standardized background information that can 
be provided in user prompts to enhance the results of conversations on these topics. Without this standardization, 
ChatGPT may continue to return low-quality results that only serve to confuse users.

ChatGPT’s reports on news and social media and in academic research (e.g., Kung et al. 2023) have lent it a high 
of degree of credibility that may not (yet) be warranted, and ours is not the only research to suggest problems with this 
type of AI. Alkaissi and McFarlane (2023) raised the concern of AI “hallucinations,” which occur when AI generates 
something that seems real but is not based on real-world input. Although hallucination is uncommon, it does occur. 
Alkaissi and McFarlane (2023) tested GPT-3.5 by asking it to write short essays on common topics and found that 
“ChatGPT provided confident responses that seemed faithful and non-sensical when viewed in light of the common 
knowledge in these areas.” Frieder et al. (2023) found that GPT-3.5’s mathematical abilities were far below expectation 
and concluded that students would be better off cheating off peers than using GPT-3.5.

ChatGPT’s performance is highly attributable to the training data used. GPT-3.5 was trained on the Common 
Crawl data (Brown et al. 2020), which include “petabytes of data collected over 12 years of web crawling [and] contains 
raw web page data, metadata extracts and text extracts” (commoncrawl.org n.d.). That means that the Common Crawl 
contains everything—including “undesirable content” (Luccioni and Viviano 2021) as well as content that is incorrect, 
false, or misleading.

Returning to the level of trust that has been afforded to the GPTs, there is an expectation that this type of AI tool 
would be trained on carefully vetted data, which is not the case. In fact, in this context, ChatGPT is just a fancier 
version of the internet. Rather than Googling for the answer and then scrolling to find a website that “looks right,” the 
AI tool is giving us an answer that may or may not be reliable, which OpenAI fully admits and warns users about on 
its blog as well as on its user interface (OpenAI 2023b). Incorrect responses are understandable and expected as LLMs 
evolve and mature—these errors do not create problems for financially sophisticated users; they do, however, create 
significant issues and concerns for financially unsophisticated users. This group does not have the same ability as finan-
cially sophisticated users to differentiate between accurate and inaccurate responses.
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When our research was conducted, GPT-3.5 and GPT-4 were trained until September 20, 2021 (OpenAI 2023a, 
2023b), and GPT-4o was trained until October 2023 (Kerner 2025).21  Therefore, resources added after that date to the 
web corpora (datasets) or other undisclosed datasets that OpenAI used to train these models were excluded. 
Additionally, unless OpenAI developers decide to train the models further on user-identified errors or gaps, the GPT 
models will not improve their responses to those questions across the platform.

Finally, a limitation is that the GPTs appear to be susceptible to being fooled. We taught GPT-3.5 a nonexistent 
financial metric: EBITDACR—earnings before interest, tax, depreciation, amortization, and cryptocurrency expenses. 
We created this metric based on a popular Wall Street meme—earnings before interest, tax, depreciation, amortization, 
and coronavirus riots (designdot n.d.). When we asked GPT-3.5 if it was sure that EBITDACR was earnings before 
interest, tax, depreciation, amortization, and cryptocurrency expenses and not coronavirus riots, it concluded that 
crypto expenses were correct, even though no such metric exists. GPT-4 was more resistant to the new metric, but when 
we provided more information (all fabricated), it proceeded to explain what EBITDACR was, which is concerning. 
Like its predecessors, when we prompted GPT-4o to explain EBITDACR, it confidently explained it, only to reverse 
course later and admit that EBITDACR does not appear to be a real metric. Although ideas have surfaced about using 
chatbots to allow investors to “converse” with companies’ financial reports, we caution against this idea as our results 
indicate that these chatbots are too suggestible and can return (very) misleading statements.

We conclude our discussion by identifying areas for future work. Based on the research that we have presented in 
this paper, an important area of future work is to continue to monitor how the financial explanations and discussions 
change and evolve with the upgrading of the OpenAI LLMs, as well as other LLMs such as Gemini, DeepSeek, and 
Copilot. As OpenAI has become much more secretive in its training and reinforcement learning approaches, it is diffi-
cult for users to determine how the models are changing and evolving over time, without reperforming old experiments. 
Additionally, there appears to be a mix in all levels of accounting acumen between users who are good with technology 
and who have heard of GPT and those who have not. Having a clearer understanding of these two groups will be 
important particularly as LLMs become more incorporated into workplaces as mainstream work tools. So, it will be 
important to understand how the integration of AI tools has both enhanced and detracted for corporate operations 
and structures, particularly given the fear of replacement.
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APPENDIX A

ChatGPT and LLMs

ChatGPT is an AI chatbot (conversational agent) built on the large language models GPT-3.5 (now retired), GPT-4, 
and GPT-4o. These newest GPT models are advancements of the first GPT model—Generative Pre-Trained Transformer 
(GPT) (Radford, Narasimhan, Salimans, and Sutskever 2018). The GPT model uses a transformer model—a neural 
network—which essentially transforms symbols to vectors (Vaswani et al. 2017). A key aspect of this transformer model is 
that it incorporates what is known as “self-attention,” which learns how to assign the importance of words in a sentence 
(Cheng, Dong, and Lapata 2016; Lin et al. 2017; Parikh, T€ackstr€om, Das, and Uszkoreit 2016; Paulus, Xiong, and Socher 
2017; Radford et al. 2018).

As previously discussed, there is not a lot of information released on what GPT-4 and GPT-4o were trained on; 
concrete information is only available back to GPT-3.5. Although we may not know what the GPTs have been trained 
on specifically, the fundamental training technique is still the same. The early GPT models were trained using massive 
datasets (including the internet corpus) where the model is given word sequences and then trained to predict the next 
part of the sequence (Brown et al. 2020). This proved problematic as training on internet text can lead to predicting 
sequences that are harmful, hateful, and false (OpenAI 2023a). InstructGPT, ChatGPT, GPT-4, and GPT-4o have 
used a different approach to training: reinforcement learning from human feedback, which uses a “human-in-the-loop” 
model in labeling the data (OpenAI 2023a). That way, as the model is fine-tuned, humans are reviewing the prompts 
and responses to ensure that GPT is not predicting sequences that it should not be.

(continued on next page) 
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APPENDIX A (continued)  

Although GPT-3.5, GPT-4, and GPT-4o are currently well-known, these models are not the only LLMs out there. 
Other good examples of LLMs are Bidirectional Encoder Representations from Transformers, which was one of the 
first LLMs to really be able to contextualize a sentence by Google (Devlin, Chang, Lee, and Toutanova 2018) and T5 
(Raffel et al. 2019). There are other less well-known LLMs that also are helping to contribute to extending the capabili-
ties of LLMs, like BLOOM, which can “generate text in 46 natural [human] languages and 13 programming languages” 
by Hugging Face (BigScience n.d.) and XLNET (Yang et al. 2019). On March 30, 2023, it was announced that 
Bloomberg had developed its own GPT specifically targeted to finance called BloombergGPT (Wu et al. 2023).
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